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Dickdarmkrebs

« Zweithaufigster bdsartiger
Tumor Uberhaupt

« Uber 1 Millionen Betroffene

e Genauso ,todlich® wie ein
Schlaganfall
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Source: https://www.pexels.ci e—de/fot alt-alter-alteresbrille-432722/



“Pathologist - The Doctor's Doctor
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Source: https://www.pathologie-dgp.de/pathologie/was-ist-pathologie/



Personalisierte Medizin

.
Cancer patients with Blood, INA, |

e.g. colon cancer Urine and Tis< ue Analysis
Effect

Kernkompetenz der Pathologie
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Source: https://blog.crownbio.com/pdx-personalized-medicine#_



Kl und Maschinenlernen

Google Assistant

- age_est: {
value: 46,
confidence: 64
&
- age_max: {
value: 52,
confidence: 64
7
- age_min: {
value: 41,
confidence: 64
&7
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Source: Google Image Search



Kl und Maschinenlernen

For abbreviations, see the legend of Figure 3. The color scale bar i vhole-slide il i i
by for eack of. region. For. i ‘Cancer inL Challenge 2016 (CAMELYON16)
see eFigure Sinthe Si A, Four regionsin dataset. B-D, Probability hteam 1aid on the original images.

Bejnordi et al. JAMA 2017
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Vier Schwerpunkte
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Normal- vs. Vorhersage Mutationen & Vorhersage
Tumorgewebe Prognose Mutationslast Therapie-
ansprechen
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Datenverarbeitung
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Tiefe Neuronale Netze
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He K, Zhang X, Ren S, Sun J (2015) Deep Residual Learning for Image Recognition.

Szegedy C, Liu W, Jia Y et al (2014) Going Deeper with Convolutions.



Normal- vs. Tumorgewebe

Epoch 4/10
©9.9297 - val_loss: ©.0188 - val _acc: ©.9937 - val auc: ©.9967

Epoch @@@@4: val acc did not improve from ©.99414
h 5/10
3 44ms/step - loss:
- val_acc: ©0.9944 - val_auc: 0.9973

Epoch @0005: val_acc improved from ©.99414 to ©.99441, saving model to C
Modelcheckpoint/ResNet50_TCGA_TvsN_No_Augment_from_scratch/20181217-1625
Epoch 6/10
54123/54123
precision: ©.9297 - val lo

=] - 1845
9.0240 - val_acc: 0.9

Epoch : val_acc did not improve from @.99441

Epoch

54123 123 ] - 18498s 342m
.9297

Epoch @8007: val_acc did not improve
Epoch

54123/54123

precision: ©.9297 - val loss: 0.0208

val_acc did not improve

0.0196

0 ©.99452, saving model to C
Modelcheckpoint/ResNet50_TCGA_TvsN_No_Auggent_from_scratch/20181217-1625
Epoch 10/10
54123/54123
precision: ©.9297 - val loss: 0.0226

Epoch @0010: val_acc did not improve from ©.99452
<keras.callbacks.History at @x1f8b74db32

auc:

0.9964 - recall: 1.0000

val_precision: ©.9297

©.0104 - acc: 0.9965 auc:

©0.9970 - recall:

- val_recall: 1.8000 - val_precision: 0.9297

AGFoersch/Deskto
ights.hdf5

0.0044 - acc: 0. auc:
- val_recall:

©.0033 - acc: 0.9990 auc:

- val_recall: 1.8000 - val_precision:

: /Users/AGFoersch/Deskigas
/'weights.hd

- acc: 0.9992 - auc:

Documentation/

9.9981 - recall: 1.0000

val_precision: ©.9297

0.9983 - recall: 1.08

0.9985 - recall: 1.0000
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Normal- vs. Tumorgewebe
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Clinical Decision Support System
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(coming soon ...)




